»

<@ | sustainability

Articlel

trategy towards Digital

Iranstformation: A Kesearch Agenda

Fotis Kitsios|“|and Maria Kamariotou|*

check for
updates

Citation: Kitsios, F.; Kamariotou, M

Artificial Intelligence and Businesq

Department of Applied Informati niversity of Macedonia, GR54636 Thessaloniki, Greece; kitsios@uom.gr
* Correspondence: mkamariotou@uom.edu.gr

Abstract: In the past decade, current literature and businesses have drawn attention to Artificial

Intelligence (AI) tools and in particular to the advances in machine learning techniques. Nevertheless,
while the Al technology offers great potential to solve difficulties, challenges remain implicated
in practical implementation and lack of expertise in the strategic usage of Al to create business
value. This paper aims to implement a systematic literature review analyzing convergence of the Al
and corporate strategy and develop a theoretical model incorporating issues based on the existing
research in this field. Eighty-one peer-reviewed articles were discussed on the basis of research
methodology from Webster and Watson (2002). In addition to gaps in future research, a theoretical
model is developed, discussing the four sources of value creation: Al and Machine Learning in

organizations; alignment of Al tools and Information Technology (IT) with organizational strategy;

Al knowledge management and decision-making process; and Al, service innovation and value.

These outcomes lead to both theoretical and managerial viewpoints, with extensive possibilities to

generate new methods and types of management practices.|
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| 1. Introductionl

In the digital age, businesses need reduced waiting periods and thus more awareness

in the market environment that could alter faster than previous decades. Through this view,
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several organizations have been adopting emerging technologies designed to obtain high
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performance and a competitive advantage [1]. Amongst these advancements, Artificial
Intelligence (Al) has held a pivotal position [2] and has drawn the attention of both
researchers and the industrial sector. Al is referred to as the ability of a machine to learn|

from experience, adjust to new inputs and implement human-like tasks [3]. As per [3],
|
AT could now be the innovation entity with the most significant potential for disruption.

|Pub1isher's Note: MDPI stays neutral|

|with regard to jurisdictional claims inl

Likewise, in the case of [4], Al is the fundamental multi-purpose technology in the domain,
especially in relation to machine learning tools.|

| published maps and institutional affil-l
iations. I

|C0pyright: | 2021 by the authors.l

n the past decade, the vast amount of data collected in a variety of formats ha
been faster than ever before. It called for the advent of new technologies, culminating

in hastening of technological developments that also incorporates the computational in
the processing capabilities as well as the advancement of new Al techniques | 1,5]. With!

these advances, firms are allowed to process vast quantities of data with Al by using the
outcomes to broaden their purpose of new markets, products and services [6,7].|
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| Taking into consideration the competitive environment of businesses and with vast
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amounts of data, scarce assets, hence the requirements for velocity in decision-making,

several companies have been inspired to implement Al tools, primarily due to their ex-
pected implications exhibited by leading digital enterprises [8—12]. Recognizing that the

rocess of transformation involves a review of the corporate strategy, various leadin
|
companies are reconsidering the strategic plans tor integration o tools . Although,
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researchers argued that further investigation is required to evaluate the magnitude of
Al in the organizational planning and implementation of business strategy [14], since,
as of yet, there are limited theoretical and empirical findings about the creation of value

propositions through Al technologies [3.8,14-18]. The objective of companies is to establish

sustainable performance and sustainable competitive advantage by integrating technology

into the decision-making process with corporate strategy. Businesses are supposed to be
more flexible and responsive to strategic decision-making in the current dynamic environ-|
ment. Companies that will maintain their competitive advantage are able to exceed the|
remainders in the long run [14,19].|

| Few researchers study the literature about Al from a managerial viewpoint, address-
ing the management of information [6,11,20-22]; decision-making [3,23,24]; knowledge

management [25]; and skills [5,26-29]. This paper, therefore, to the best of our understand-

ing, varies from those previously conducted by synthesizing to a systematic review of

literature by examining the state of the correlation between Al and organizational strategy,

a topic not included in the aforementioned articles.|

[ The utilization of Information Technology (IT) by businesses as a strategic instrument

is not a current phenomenon [30-33], yet the correlation of the use of Al technologies with!

organizational strategy is considerably more complicated in respect to other technologies,

whereas Al applications can accomplish functions requiring cognition [34,35]. In this

context, it is more difficult than anticipated to obtain value from Al investments owing

to the paradox that the same person can have favourable or unfavourable perceptions

concerning Al based on the particular situation [36].]

|This article aims to implement a systematic literature review examining the correlation

of Al and corgorate strategz and to grovide a framework for interrelated issues in line with
| - 0 0 0 0 0 0 0
the ex1st1ng research in this field. Elg g-one peer-reviewe articles were evaluated on the

basis of research methodology from Webster and Watson (2002) [37]. Given the changes

that have taken place in the field of Al in previous years, the attention of leading companies

of Al technologies and the obstacles associated in acquiring business value through the
usage of this form of technology, it is important to establish and to contextualize the current

research about the connection between Al and organizational strategy. As a result, the

following concerns appear: (i) What are the motivations for adoption of Al strategically?

(ii) What implications and advantages have companies obtained from the usage of Al in
the context of organizational strategy?|
| The principal motivation is to set up a “state-of-the-art” update by introducing a

synthesis of scholarly research on Al and business strategy. This paper provides a solid

theoretical background of the existing literature by analyzing papers using Webster and
Watson’s (2002) [37] literature review methodology. This methodology is concept-driven

and it helps to analyze the different concepts and contexts studied in this paper and
to more readily comprehend ongoing turns of developments. Authors expect that, in

reading this paper, researchers will have the option to increase a reasonable understanding

of what past researchers have done in Al and corporate strategy and the limitations of

momentum research]

. stages, which was recommended by Webster and Watson (2002) [37], and has been recen’dyI

This paper’s structure is arranged as follows: Section 2 describes the methodolog#
adopted in order to implement the literature review. Next, the outcomes of the analysis o
the articles are presented in Section 3. The last section addresses conclusions and avenues
for further research |

[2. Materials and Methods|

Papers have been discovered utilizing a literature review methodology including three

utilized in strategic management and Information Systems research [38—43]. Initially, the
current literature reviews were searched to choose the databases and keywords of the basic
search. Afterwards, the backward search was executed to look at the references of the
chosen articles and, in the end, the forward search to inspect the citations of the chosen
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articles in order to increase their sum. After the choice of the articles, these were classified|

by their content

|2.1. Previous Literature Reviews|

| The current literature review articles are introduced in order to present the latest
literature on current knowledge of the area of Al and organizational strategy and to
analyze the existing knowledge of this territory just as to examine the distinguished
research questions dependent on the outcomes of past papers. Likewise, current literature
review papers provide an outline of the methodologies adopted by authors and feature
their significance and research gaps in their usage. Table 1 displays an outline of the current
literature review papers in this area.|

|Table 1. Previous literature reviews.l

Authors

Year Methodology Results

Searching for peer-reviewed and
conference papers in 2 databases
using keywords regarding Artificial

Results were analyzed based on 4
perspectives: automation,

Borges et al. [44] 2020 Intelligence, Machine Learning, decision-making, customer
. : engagement and new products and
Business strategy and Information . -
services offering.
Technology strategy
Searching for peer-reviewed papers A conceptual framework was
. § "ot peer pap developed in order to define Al
in 7 databases using the keyword . .
“Artificial Intelligence” in business business strategy and discussed
Caner and Bhatti [45] 2020 ) . about abilities and limitations of Al,
management field and social - . .
. . economics and Al, business functions
sciencesPapers published between and Al, workforce, industries and Al,
2015 and 2019 and regulations and ethics of AL
Searching for peer-reviewed papers
in 4 databases using keywords A conceptual framework was
regarding Artificial Intelligence, developed in order to define how
Trunk etal. [46] 2020 Machine Learning and humans can use Al for
Decision-MakingPapers published decision-making under uncertainty.
between 2016 and 2019

|Borges et al. (2020) [44] implemented a literature review to analyze the correlation

between Al and strategy to make business value. In this view, this article planned to bridge!
this gap by: conducting a significant literature review identified with the combination

of Al with business strate%%; combining‘ the current aggroaches with models, featuring
the expected advantages, difficulties and opportunities; introducing a conversation for

further research avenues. They selected articles in peer-reviewed journals and conference

proceedings and created a framework in order to introduce research gaps.
' Caner and Bhatti (2020) [45] conducted a systematic literature review in peer-reviewed

scientific journal papers to present a theoretical model on examining Al organizational
strategy. They focused on papers published between 2015 and 2019. They inferred that
the significant components of Al in organizations are capabilities and restrictions of Al,
financial matter and Al organizational functions and Al workforce, industries and Al, and
laws and ethics of Al on identifying Al corporate strategy.

iTrunk et al. (2020) [46] implemented a literature review to analyze the connection
between Al and decision-making under dynamic environments in businesses. Authors
searched for peer-reviewed papers and conducted a content analysis as a means to offer a
summary of the possibilities of existing studies defining for correlating Al and business

decision-making in dynamic environments. The outcomes are presented in a theoretical
framework that first describes how humans can adopt Al for decision-making in dynamic

environments and then presents the difficulties, pre-conditions, and consequences that
should be taken into consideration]
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|2.2. Article Selection Process|
|The search was carried out in Scopus, ScienceDirect, Web of Science and ABI/INFORM
databases using combinations of the following keywords: ‘artificial intellicence’, ‘machine

learning’, “deep learning’, ‘representation learning’, ‘strategic plan’, ‘emergent strategy’,
‘strategy execution’, 'competitive strategy’, ‘competitive advantage’, 'digital strategy’,

"business strategy’, ‘corporate strategy’, ‘organizational strategy’, ‘information technology

strategy’, ‘cognitive strategy” and “strategic use’. Articles were published 1n peer-reviewed

journals, book chapters and conterence proceedings. These were chosen without restricting

them fo a particular period. Books, technical reports and working papers were excluded. |
) Overall, 1742 articles were assembled utilizing keywords in all databases. As per the

limitations of language and the source of publication, papers decreased to 565. Filtering

their titles, 126 papers were found relevant to the goal of this study. Subsequently, looking
at their abstract, 102 were accepted. Titles and abstracts were checked for the appropriate

utilization of search strings. Next, the content of the remaining articles was filtered and
only articles esteemed “fit for purpose”, regarding adding to responding to the research

questions, were viewed relevant and thusly included. Various articles were excluded on

the grounds that their full content was not accessible. These papers have been published in|

conference proceedings or book chapters. A brief examination was led to verify them. This

subsequent overview featured that every one of them ought to be incorporated. Co-authors|
discussed the degree to which each paper increased the value to the purpose of the paper

Duplicate papers have been removed and 61 articles have been incorporated. Five

of the ‘backward search’ papers were added to these 61 papers. In addition, 15 papers

from the “forward search” were added and, as a result, 81 papers in total were examined
(Figure 1).

Searching for previous
literature reviews:
Report gaps and avenues for
future research
Conducting search
Databases: Search term: Sources:
Scopus, Science Direct, Web of Keywords regarding AT Peer-reviewed journals, Conference
Science, ABI/TNFOEM and Business strategy proceedings, Book chapters

!

Exclusion criteria:

Articles focusing only on
Business Management field
Technical reports, working
papers, books were excluded

! l

Articles for review: Articles for review: Articles for review:
Primary articles: 1742 Backward search: 5 articles Forward search: 15 articles
were added were added
Final articles: 61

Analysis and synthesis of

|Figure 1. Article selection process.l
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[The search was finished when it came to common papers from all databases and
various combinations of keywords. Thus, it was reasoned that the critical amount of

relevant literature sources had been gathered [37]. The final sample was examined utilizing

an bxcel data extraction sheet in which both the 1llustrative components and the primary

results, outcomes and contributions were assembled tor each paper.|

|2.3. Classification Framework for Analysisl

|Eighty—one articles were analyzed dependent on a classification framework. These pa-

pers were classified on 4 wide concepts (Al and Machine Learning in organizations; aligning

tools an with business strategy; Al, knowledge management and decision-making

process; and Al service innovation and value) which will provide a better comprehensio

of Al usage and business strategy and will likewise assist future academics with extending

the mmformation in this area. These papers are presented in Table A1 (Appendix A).i

3. Results|

3.1. Artificial Intelligence and Machine Learning in Organizations

Al has concepts, insights and techniques in several fields. It is an area that seeks to
build software and hardware capable of executing actions that should only be done through
the usage of intelligence [47]. The Al area includes every technique that allows devices

to work by replicating human actions to produce the best outcome or, in unpredictable

scenarios, the best predicted outcome [18,48,49] |
|In the initial period of Al, the most important difficulty was to execute activities that
are easily rectified by a human individual, yvet difficult to formally explain with regard to!

mathematical principles [46]. The challenge in describing this form of activity by specifying

the rules showed that Al tools required the capacity to derive regularities from data and to

gain their own knowledge [24,25,50]. This skill is referred to as machine learning, which

allows computer-based tools to directly identify trends in and out of data; act without
being directly programmed [18,48,49]. Consequently, the domain of Al has progressed
not only in the context of process rules earlier established by humans to emulate human|
actions for decision-making (as in traditional Al algorithms), but also to imitate, to mimic
human learning.|

Advancement of Al with the creation of machine learning algorithms required means

of mapping the information gained from the learning process to final conformation. This

requirement has led to the creation of interventions classified as representation learning,

which have teatures that have changed an intermediate representation compromising

valuable data [18,48,49]. When representations are represented regarding other concepts

just like the situation of complicated notions, it is required to implement deep learning

fechniques. Deep learning 1s a € of representational learning that has the ability and
flexibility to depict the world across a hierarchv of principles, in which each definition

can be described in comparison to unpretentious dimensions. This indicates that deep

learning helps computational frameworks to ascertain representations of ditferent degrees

of complexity and these models comprise several layers of processing. The key distinction

between Al disciplines is the reliance of the human being on creating rules or distinguishing

characteristics that describe a challenge. Human reliance on the learning process reduces
from the Al layer to inner layers. Traditional machine learning algorithms are a form of

Al where a person has to hand-design features that the algorithm can use to present a

mapping from features by eliciting patterns and gaining their respective knowledge [18,46].

Representation learning algorithms are a form of machine learning, yet they launch|

the learning process one stride in front of the traditional machine learning algorithms.

Representation learning methods have the ability to gain from features in a human and
they can present a mapping from features [48,49]. Deep learning algorithms are a kind of

regresentation learning and thez reguire the individual to identifg simglz straightforwardI

features. From these simple features, they can identify more dynamic features in extra

layers of learning and afterward present a mapping from features [51].|
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In the organizational point of view, the articles published in the beginning stages of

Al started to support the decision-making process during the 1960s [34,52]. Al has been

utilized in organizations since the 1980s, being an objective of speculations and endeavors

from numerous organizations to plan and to actualize computer vision systems, robots,

expert systems, other than software and hardware for those reasons [32]. In addition,

around then, Al had just started to be referred to as a strategic instrument to enhance

business differentiation at a competitive situation. Until the turn of the millennium, the

I to develop new methods or to improve the current ones [35,53]. However, since 2001,

papers on computer science in the domain of Al had paid attention to the algorithms,

academics have proposed that for some Al issues, the difficulty was the amount of data,

because of the presence of huge databases [3,20]. Consequently, new Al techniques were

createdE emgowered bg the develogment of hardware. This technological advancement is

ascribed to the big data marvel, described by the interchange of technology, methodology
and analysis capacity to search and cross-reference enormous data sets to aistinguisﬁ

designs and to acquire knowledge [17,50,54] |

[The evolution of Al lately and its advancement in numerous fields is because of three

main factors: huge volume of data, better algorithms, and considerably improved compu-

tational hardware [2,55]. This advancement has pulled in the consideration of enormous
technology-oriented businesses to Al technologies. Nowadays, in organizations, Al can be

regarded as a tool that has been implemented as a way of replicating human performance

with the ability to attract its own assumptions through learning, that can help human
intelligcence or even substitute humans in activities that need cognition [56]. Generally,

Al advancements can achieve performance enhancement as a result of speed, tlexibility,

customization, scale, innovation, and decision-making [11,26]. Moreover, organizations

have many benefits from the utilization of Al to create value across various organizational

components: process automation; obtaining knowledge from data for decision-making;

involving consumers and employees; developing and launching new products and ser-
vices i7, i %,37—61”

3.2. Aligning Al Tools and IT with Business Strategy

| In spite of the increase in the digital age, the role and effect of IT in the corporate sense
are not current topics. In the late 1970s, scholars began to explore the ability of IT to affect
business competition [31,62]. In this context, there are several researchers that have started
to use the term “strategic use” to pertain to the ability of IT to formulate future corporate

. strategies or to help current ones, and to offer meaning to business [13,63]. Nevertheless,

there is a historic debate on companies’ inability to produce value from expenditure in I

[and IT strategies [30,33,64—66]]

. prolonged development and change that includes not only organizational strategy and IT

applications, that many scholars relate to limited levels of alignment between the corporate

According to [67], the ali ent between the corporate and IT strategies is a process o

strategy, as well business infrastructure and processes, and IT infrastructure and processes

In this case, the strategic usage of IT will allow the business to maintain developments in
the competitive situation [12]. Many frameworks, theories and methodologies have been|
suggested in the research on usage of IT in accordance with the corporate strategy and
operation [30,33,64—66]. Gradually, digital technologies have taken a significant role in the
organizational strategy [4]]

In the digital era, however, Ref. [67] dispute that it is important to reconsider the
role of IT strategy. Instead of being viewed as a functional level and, in several situa-
tions, guided by a corporate strategy, the IT strategy should be incorporated into the
organizational strategy in a systematic way named digital business strategy (or digital

strategy), which comprises a corporate strategy developed and applied to leverage digital

assets to achieve differential value [8,54]. This context of the merger of IT strategy with

orgamzatlonal strategg 1S often suggorted bz other scholars, who claim that a ComglexI

alignment between IT and organization should take place to obtain a competitive advan-
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tage [13,64,65]. Ref. [66] underlined the value of IT-focused applications and the analytic

potential given by IT resources to create innovation and increase competitive advantage in

the organizational strategy.

ileen the advancement of the theoretical and practical contributions of papers explor-

ing the strategic usage of emerging technologies, when it comes to Al, it is substantially

more complicated since Al advancements are capable of executing activities that include
cognition [67]. This skill helps businesses to dramatically shift the size, mission, and

learning paradigms, that show the significant capacity of Al to produce business va lue.'
The strategic usage of Al, thus, is identified with harnessing this capacity [8,10,11,68].

[ Notwithstanding the technological advancement in the most recent decade, researchers
and practitioners have taken about that technology is not the principle difficulty embrac-

ing Al, yet cultural impediments, process and individuals [3,36,44,69]. To address them,

strategy is important that appropriately incorporates knowledge, technology features, indi-
viduals, management change and aspirations to change the endeavor and the organization.
Naming the new age of Al technologies as cognitive advances, researchers refer to that

strategy as cognitive strategy.

| 3.3. Al, Knowledge Management and Decision-Making Process

|In spite of the fact that utilization of Al advancements in the decision-making process

is a practice that started in the 1960s, one difficulty faced by businesses is identified with

decisions associated with planning the IT systems taking into consideration the objectives
of organizational strategy. Analytics tools dependent on Al are essential for a significant

issue in the decision support topic, as they give information and knowledge according to

available data [3,24]. Towards this view, [/0] suggested a theoretical model that supports

the planning and application of decision support systems in cloud, adding to IT strategy.

I'he utilization ot Al as a component ot cutting-edge analytics solutions to generate business

value was examined by researchers. Refs. 22,24,55] developed theoretical frameworks
that incorporate Al advancements, representation learning and machine learning tools
to implement classification and prediction tasks with the guarantee of aligning analytics

requirements with the organizational strategy. Ref. [36] presented a theoretical framework

about the business benefits in terms of competitive advantage acquired from advanced
analytics, because of consolidating human knowledge and artificial intelligence.l

[Marketing was another dimension investigated by researchers, who considered utiliz-

ing Al in answers for help in decision-making. Ref. [71] suggested an approach utilizing

traditional Al to help executives in making decisions about the product pricing, the in-

vestments in promoting and other marketing strategies, additionally the production and

distribution planning. [8] examined the significant role of intelligent analytical techniques

in the formulation and implementation of marketing strategies, yet the paper outcomes con-

cluded the low degree of adoption of the analytical tools dependent on machine learning
to mﬂketmg management.

| The decision support function of Al-based arrangements was additionally analyzed
in social responsibility and sustainability subjects. Reft. [19] presented a hybrid model

that adopts traditional Al tools to support the decisions about the priority option of

the orgamzatlon social resgons1b1htx=f program to be executed for comprising 1t into the
corporate strategy. Ref. [21] paid attention to sustainability and utilized Al algorithms to

identify priorities and policies for setting up operation strategies from the definition of

organizational strategies.|

|3.4. Al, Service Innovation and Value|

|The utilization of Al aligned with corporate strategy to develop new products or|
services was covered by several articles. Ref. [58] considered the utilization of Al to empower

: did not approve their 1deas. Conversel& a few researchers concluded that organizations

machine-to-machine communication in new organizational opportunities; however, the

have obtained the advantages of new product development and offering of new services [57].
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For [12], Al technologies can guide innovation directly into industry and this is the most
important influence of intelligent technologies. Ref. [60] suggested that Al is rapidly]
reconstructing the service, executing ditferent functions, becoming a significant source of
innovation and generating opportunities for innovative human—machine interaction. |
[The findings of this study indicate that the strategic implementation of Al tools
for consumer and employee engagement has not successfully been implemented as few
articles addressed the enhancement of consumer experience. While [7,59] have shown thatl
the usage of Al in relationship with customers produced value for businesses and [68]
addressed the utilization of Al to improve the consumer experience, the findings are not
generalizable since the usage of Al engagement with humans is complicated [72]. Among

the explanations for this ambiguity, humans may not want to note that they are being
served or 1nterpretea By a machine. Efonsequently, this form of reaction may also have a

negative effect on the organization. |
[ AT tools may build a competitive advantage by enhancing consumers’ experience and
interaction with the applications developed based on digital strategy. Deeper innovation
in organizations through new product development will deliver new services based on
the cognitive potential of the new age of Al. As a consequence, competitive and cognitive
strategies need to be aligned in order to etfectively utilize the new age of Al to develop
innovative products and solutions. The usage of the next generation of Al technology
in accordance with a well-defined digital business strategy, taking into consideration the
company requirements, rules and automation, will create a competitive advantage for the
business. Thus, it is also required to learn how executives can formulate competitive and
cognitive strategies in order to innovate by leveraging the ability of the new age of Al It is
therefore necessary to examine human feelings, attitudes and requirements that fuel the
motivations to interact with products and services centered on cognitive technologies.|

] | Established research has created a solid ground and now a theoretical model can be

built on the basis of the literature review. Using an open coding technique in order to

analyze the content of the 81 articles aiming at separating the concepts to be included in
the classification of the articles, it supported readers with a clear indication of the topics ofl

concern (Figure 2).|

Alignment
Business Strategy IT Strategy

Decisien Support Artificial
Process Intelligence
New product & Mviachine Learning Firm performance,
service :: :> :; value and
development Deep Learning sustainability
process

Big Data
Capabilities

Digital

technologies

|Figure 2. Conceptual Framework.l

[4. Conclusions|

[The purpose of this article was therefore to evaluate the correlation between the use
of Al and corporate strategy via a systematic literature review. The literature review was
based on guidelines of previous systematic studies [37-43,73]. AI technologies have been|
prominently placed in contemporary organizations. On the other hand, high inspirations
are connected to the organization competitive paradigm. For this justification, there is a
| growing interest for researchers in the strategic utilization of Al to achieve a competitive
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edge. While the paper demonstrates the usage of Al in the domain of organizational
requirements and strategies, the findings suggest that this context was little discussed by

academics and still poses unanswered issues and concerns.|

The strategic utilization of Al was tended to by the literature in the accompanying
manners: to Improve corporate strategy with predictive analytics by visualizing key

performance indicators and with image recognition to recognize consumer behavior, to

choose the best option for IT infrastructure design plans based on future or anizationalI
conditions and its effects on the reguirement to alter IT transformations: to successfullz

develop decision support systems to support strategically the decision-making process,

to grow new organizational openings and capacity for innovation, to take out certain
challenges with respect to product attributes and machine functionalities, to improve

product quality and increasing business performance.|

These outcomes are applicable to both theoretical and practical viewpoints, with

broad possibilities for producing new theory and new tvpes of management practices

With respect to theoretical implications, the findings showed that the strategic utilization of

Al advancements has not been all-around investigated by researchers vet, in spite of digital

and cognitive strategies to take strategic benefits of the Al working with people. Along

these lines, given the ascent of Al 1n the digital age, there are still gaps 1n order to examine

the formulation and implementation of the new age of Al in various settings ot assorted
scales and industry possibilities.|

[Corresponding to managerial implications, the outcomes of this paper can be a manual
for management and organizational practices, requesting new types of strategic decision-

making and organizational culture reshaping. Besides, the exhibit of the Al and corporate

strategg association can assist managers In receiving these new advancements with more|

noteworthy mindfulness about the opportunities, difficulties and advantages that Al may

provide to their businesses. |

[ Considering the aforementioned, difficulties and future research opportunities were

set up in light of the outcomes of the literature review. In this way, knowledge gaps and

exploration recommendations were discussed regarding the generation of value with the

usage of Al and its association with corporate strategy. As per the findings of the literature

review, the association among Al and organizational strategy to decision-making was

tended to by most articles. Nevertheless, ongoing studies in deep learning [54,63,73-75]

have not been all ground attended to yet. In this manner, no exact proof about the automa-
tion of the decision-making viability has been provided. This outcome might be identified

with the difficulty of the association between Al and human, which likewise impacts
decision-making automation [51]. Notwithstanding, in the age of digital transformation,

big data and the requirement for speed-to-lead organizations, Al advances can settle on|
better decisions over people in certain unique situations and humans can choose better

when critical thinking is needed [49,76-81]. Along these lines, it is essential to examine

how leading companies implement strategies to exploit the Al potential and to change the

Al-human condition for producing business value [36].!

The review was conducted utilizing the terms identified with corporate strategy or IT

. strateg& not indicating other organizational strategg dimensionsE for examgle, ogerational

strategv and financial strategv. Future researchers mayv broaden the search string and use

these viewpoints. Also, the dimensions introduced in the theoretical framework can trigger

rurther research, paying attention in a particular way.

iThis article has a few limitations that are presented below. Only peer-reviewed jour
nals have been incorporated in the dataset to date, but there are likewise related articles in|

conference proceedings or book chapters. Another limitation is that only English articles

were looked through, an approach which may skip different publications in different

ning stage for future examination features topics among Al and corporate strategy, while
I

languages. In this way, the utilization of various journals or articles from ditferent sources
could conceivable lead to different outcomes. This article could be considered as a begin

giving a review of the literature from an alternative point of view, not actualized in current
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studies. Future researchers may extend this literature review and perform a bibliometricl
analysis, for example co-author or co-citation. |
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Appendix A

|Table A1. Concept matrix table.l

Concepts
AI and Machine Aligning Al Tools and Al Knowledge AL Service
No. Authors Year Learning in IT with Business Management and I 4
A . N nnovation and Value
Organizations Strategy Decision-Making Process
Akhtar et al. [1] 2019 X
Balog [2] 2020 X
Duan et al. [3] 2019 X
Lichtenthaler [4] 2020b X
Bozi¢ and Dimovski [5] 2019 X
Chen and Siau [6] 2020 X
Sujata et al. [7] 2019 X
Taylor et al. [8] 2020 X
Vasin et al. [9] 2018 X
Vidgen et al. [10] 2017 X
Wamba-Taguimdje et al. [11] 2020 X
Zaki [12] 2019 X X X
Yin et al. [13] 2020 X
Pappas et al. [14] 2018 X
Angelis and da Silva [15] 2019 X X X
Mikalef et al. [16] 2019 X
Ranjan and Foropon [17] 2021 X
Reis et al. [18] 2020 X X
Liu [19] 2013 X X
Arnott [20] 2010 X X
Goralski and Tan [21] 2020 X
Nalchigar and Yu [22] 2017 X X X
Dabrowski [23] 2017 X X
Ghasemaghaei [24] 2019 X
Lei and Wang [25] 2020 X
Ashrafi et al. [26] 2019 X
Ciampi et al. [27] 2020 X
Gallego-Gomez and
De-Pablos-Heredero [28] 2020 X
Yiu et al. [29] 2020 X
Dwivedi et al. [30] 2009 X
Kathuria et al. [31] 1999 X X
Pinson et al. [32] 1997 X
Tallon and Pinsonneault [33] 2011 X
Orsini [34] 1986 X
Orwig et al. [35] 1997 X X
Lichtenthaler [36] 2020a X
Olsson and Bosch [47] 2020 X X
Wang et al. [48] 2020 X
Xing et al. [49] 2016 X
Harlow [50] 2018 X X
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Concepts
AT and Machine Aligning Al Tools and Al Knowledge AL Service
No. Authors Year Learning in IT with Business Management and I 4
A . N nnovation and Value
Organizations Strategy Decision-Making Process
Zimmermann et al. [51] 2020 X X X
Iyer and Schkade [52] 1987 X X
Coakes et al. [53] 1997 X
Warner and Wager [54] 2019 X
George et al. [55] 2020 X X
Lenart-Gansiniec [56] 2019 X
Chae [57] 2014 X
Feldmann et al. [58] 2013 X X
Holmlund et al. [59] 2020 X X
Kohler et al. [60] 2014 X X
Lietal. [61] 2008 X X
Sabherwal and Chan [62] 2001 X
Aversa et al. [63] 2018 X X
Charoensuk et al. [64] 2014 X
Isal et al. [65] 2016 X
Liang et al. [66] 2017 X
Becker and Schmid [67] 2020 X
Hsieh [68] 2009 X X
Schrettenbrunner [69] 2020 X
Demirkan and Delen [70] 2013 X X
Huang and Rust [71] 2020 X
Caputo et al. [72] 2019 X
De Carlo et al. [74] 2020 X X
de Medeiros et al. [75] 2020 X X
Tabesh et al. [76] 2019 X X
Achillas et al. [82] 2017 X X
Amping et al. [83] 2019 X
Anderson [84] 2019 X X
Arbatani et al. [85] 2019 X
Arnott et al. [86] 2017 X
Bergqvist and Lounamaa [87] 1987 X X
Borch and Hartvigsen [88] 1991 X
Chatwin et al. [89] 1996 X
Durrani and Forbes [90] 2018 X
Eckert and Osterrieder [91] 2020 X X
Khan et al. [92] 2020 X
Ryou et al. [93] 2020 X
Sawhney [94] 1991 X
Sharma et al. [95] 2014 X X
Sviokla [96] 1986 X X
Thow-Yick and Huu-Phuong [97] 1990 X
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